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ABSTRACT

Generative artificial intelligence (AI) can now produce, on demand, what inclusive education has 
promised for  three  decades  and seldom delivered:  material  rewritten  for  a  particular  reader, 
explanations in the form a particular student needs, and reading and writing support available at 
any hour without a specialist in the room. The question this paper asks is under what conditions 
that capacity produces inclusion rather than a quieter form of segregation. The problem is that 
the literatures on generative AI in education and on inclusive education have developed apart: 
the first measures learning gains and dependence, the second asks about presence, participation 
and belonging, and neither can say when an AI-supported student has been included and when 
the task has simply been taken away from them. The paper is a theoretical synthesis. Drawing on 
inclusive pedagogy, universal design for learning, self-determination theory, the social model of 
disability  and  the  accommodation  logic  of  educational  measurement,  and  on  peer-reviewed 
research published between 2023 and 2026 on generative AI in education,  on students  with 
disabilities and on inclusive education in African school systems, it distinguishes three things an 
AI  system can  do  for  a  disabled  learner:  personalise  content,  provide  accommodation,  and 
substitute  for  effort.  The  first  two  advance  inclusion;  the  third  undermines  it,  because  an 
accommodation is meant to remove a barrier to the task rather than the task itself, and the line 
between the two is drawn by the learning objective, not by the tool. The framework is set out in 
nine propositions covering the classification of AI uses, the shifting roles of teachers, special 
educators and peers, the system-level risk that AI accommodation becomes a cheap substitute for 
human support and physical accessibility, the conditions under which learner agency survives, 
and the infrastructural and linguistic conditions that govern whether any of this reaches African 
classrooms.  Recommendations  are  made  for  ministries  of  education,  examination  bodies, 
teacher-education institutions, school leaders,  disabled people's organisations and researchers, 
with particular attention to school systems in which specialist support is scarcest.
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Inclusive Education in the Age of Generative AI: A Theoretical 
Framework of Personalisation, Accommodation and Substitution 

for Students with Disabilities

1. INTRODUCTION

A student  with  dyslexia  in  a  secondary  school  in 
Ibadan has, in principle, access to the same writing 
assistant as a student in Oslo. For the first time, the 
gap between what inclusive education recommends 
and what a teacher with forty-five pupils can actually 
do is not primarily a gap of labour: a text can be 
simplified,  re-levelled,  read  aloud,  translated  or 
turned into questions in the time it takes to type a 
request. The promise is obvious enough to have been 
made many times already, usually by people selling 
something. The problem for inclusive education is 
more awkward. The same tool that removes a barrier 
to a task can remove the task, and from the outside the 
two look identical: a student who uses a language 
model to fix the spelling in an essay they composed 
and a student who has had the essay composed for 
them both hand in a well-spelled essay.

This paper is about that distinction and what follows 
from it, and it starts from a position that is not neutral. 
Inclusive  education,  as  argued  for  since  the 
Salamanca Statement and codified in Article 24 of 
the  Convention  on  the  Rights  of  Persons  with 
Disabilities,  is  a  claim  about  participation  in  a 
common  curriculum  alongside  peers,  not  a  claim 
about  outputs.  A  technology  that  lets  a  student 
produce the right output while participating less in 
the common work of the classroom is not, on this 
reading, inclusive, however well the student scores. 
Equally, a school that forbids the technology in the 
name of academic integrity, removing the only means 
by which some students can take part at all, is not 
protecting  standards;  it  is  re-segregating  by  other 
means. Both failures are already visible, and both will 
be more common where specialist support is scarcest, 
which is to say in most African classrooms.

The research field is young and uneven. Within three 
years of the public release of large language models 
the education literature had produced reviews of the 
opportunities  and  challenges  of  AI  in  education 
generally (Chiu et al., 2023) and of large language 
models in particular (Kasneci et al., 2023), a meta-
analysis of effects on engagement (Xia et al., 2025) 
and  a  growing  experimental  literature  on  what 
unrestricted access does to learning (Bastani et al., 
2025;  Fan et  al.,  2025;  Stadler  et  al.,  2024).  The 
literature  on  students  with  disabilities  has  lagged. 

The systematic review of AI in special education by 
Hopcan et al. (2023) predates generative tools almost 
entirely;  a  scoping  review  of  generative  AI  for 
neurodivergent  school  students  found  only  nine 
sources  with  original  data  (Ronksley-Pavia  et  al., 
2025); and a bibliometric review of generative AI in 
disability-inclusive  learning  found  research 
concentrated  on  autism and  dyslexia,  with  visual, 
hearing  and  motor  impairments  under-represented 
(Amal Krishnan et al., 2026). What exists is largely 
descriptive,  short-term  and  conducted  in  well-
resourced  systems,  and  the  two  literatures  do  not 
share  a  vocabulary:  the  generative-AI  literature 
speaks of over-reliance, offloading and agency, the 
inclusive-education  literature  of  presence, 
participation and belonging, and neither can say on 
its  own  when  an  AI-supported  student  has  been 
included.

The  purpose  of  this  paper  is  to  supply  that 
vocabulary.  It  distinguishes  personalisation, 
accommodation  and  substitution  as  three  things  a 
generative-AI system can do for a disabled learner, 
argues that the first two advance inclusion while the 
third  undermines  it,  and  shows that  the  boundary 
between  accommodation  and  substitution  is  a 
property not of the tool but of the learning objective 
against  which  it  is  used.  From  that  distinction  it 
derives  propositions  about  the  changing  work  of 
teachers,  special  educators  and  peers,  about  the 
system-level risk that AI accommodation becomes a 
cheaper substitute for human support and physical 
accessibility,  about  the  conditions  under  which 
learner agency survives, and about the infrastructural 
and linguistic conditions that decide whether any of 
this reaches the students who most need it. The paper 
is  theoretical  and  non-empirical.  Three  questions 
organise it: what does generative AI do for a disabled 
learner that is  different from what it  does for any 
learner; what distinguishes an AI use that includes 
from one that merely produces; and what conditions 
must hold, in the classroom and in the system, for the 
inclusive uses to dominate.

2. LITERATURE REVIEW

2.1 CONCEPTUAL REVIEW

Three  concepts  carry  the  argument.  The  first  is 
inclusion itself, a term stretched to cover everything 
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from the physical placement of disabled children in 
mainstream  schools  to  whole-school  reform  of 
culture  and curriculum, and the  stretching matters 
because what counts as success depends on which 
meaning is in play: placement-based definitions are 
satisfied when the child is in the room, participation-
based definitions ask whether the child is doing the 
same work with the same people, and outcome-based 
definitions  ask  whether  the  child  learns  as  much. 
Studies of inclusive practice in African systems show 
how far  apart  these can sit:  Maphie (2025) found 
Tanzanian students with disabilities placed in general 
classrooms or in classrooms paired with a resource 
room, with support described as emotional, spiritual, 
social, material and academic, and Chirowamhangu 
(2024) found South African provision still marked by 
shortages  of  specialist  schools,  transport,  expert 
support and basic infrastructure two decades after the 
policy  meant  to  end  them.  This  paper  uses  a 
participation-based  definition,  and  it  does  so 
deliberately, because the output-producing power of 
generative  AI  makes  outcome-based  definitions 
dangerously easy to satisfy.

The  second  concept  is  accommodation,  which  in 
educational measurement has a precise meaning the 
wider  literature  tends  to  blur.  An  accommodation 
changes  how  a  student  accesses  a  task  or 
demonstrates what they know without changing what 
the task measures. Extra time, a reader, a scribe and 
large print are accommodations because they address 
construct-irrelevant barriers:  a reading disability is 
irrelevant  to  the  construct  in  a  mathematics 
examination,  so a  reader does not  change what  is 
measured. A modification changes the construct; a 
simplified  mathematics  test  measures  something 
different. The distinction is the only principled way 
to  say  when  assistance  stops  being  access,  and 
generative  AI  makes  it  harder  to  apply  for  two 
reasons. A language model does not provide a single, 
bounded  accommodation;  the  same  interface  will 
read a text aloud, summarise it, explain it and write 
the answer, and the student chooses where to stop. 
And for many disabilities the barrier and the target 
skill  are  entangled:  a  reader  is  a  clean 
accommodation  for  a  student  with  dyslexia  in  a 
history  examination,  but  in  a  writing  class  the 
student's difficulty with text is the very thing being 
taught.

The third concept is agency, and here the generative-
AI literature has done most of the work. Darvishi et 
al. (2024) showed in a large randomised study that 
students given AI feedback assistance relied on it, 
that performance fell back when it was withdrawn, 

and  that  prompts  to  self-regulate  only  partly 
protected them; Fan et al. (2025) found that students 
using  ChatGPT  improved  essay  scores  without 
improving knowledge gain or transfer, and named the 
pattern  metacognitive  laziness;  Zhai  et  al.  (2024), 
reviewing  fourteen  studies  of  over-reliance  on  AI 
dialogue systems, found that such reliance affected 
students'  decision-making,  critical  thinking  and 
analytical  reasoning.  Agency  in  this  paper  means 
something  narrower  than  these  studies  sometimes 
imply: the learner's control over what the tool does, 
their  understanding of what it  has done,  and their 
retained  capacity  to  do  the  task  when  the  tool  is 
absent.  The  last,  which  Chen (2026)  separated  as 
supported  performance  versus  independent  no-AI 
outcomes,  is  the  one  inclusive  education  cannot 
afford to lose sight of.

2.2 THEORETICAL REVIEW

Five bodies of theory inform the framework, and they 
pull in different directions, which is part of the point. 
The  accommodation  logic  of  educational 
measurement, already set out in Section 2.1, supplies 
the test for where assistance stops being access; the 
other four are taken in turn here. Inclusive pedagogy 
rests on extending what is ordinarily available to all 
learners rather than providing something additional 
or different for some, as a deliberate response to the 
segregating effect of individualised provision: a child 
who is always given different work is marked out by 
it.  Universal  design  for  learning  (UDL)  makes  a 
related argument at the level of curriculum design, 
holding that materials should offer multiple means of 
representation, engagement and expression from the 
outset  so  that  fewer  learners  need  retrofitted 
accommodation. Bray et al. (2024), reviewing fifteen 
studies  of  technology in  UDL implementations  at 
second level, found the research concentrated on the 
representation principle,  mainly by giving learners 
options for accessing content,  with a clear gap on 
technology  for  engagement  and  for  action  and 
expression.  Both  traditions  are  suspicious  of 
personalisation  when  it  means  giving  each  child 
something different,  and both would regard an AI 
that quietly re-levels every text for every child as a 
return  to  the  watered-down  curriculum  inclusive 
education was meant to end. Hyatt and Owenz (2026) 
paired an AI-based assignment with UDL options for 
demonstrating  learning  in  graduate  classes  with  a 
high  proportion  of  students  with  disabilities,  and 
McCree  et  al.  (2026)  offer  special  educators  a 
framework  for  planning  AI-supported  instruction 
under UDL and culturally responsive teaching; the 
question  this  paper  raises  is  what  stops  cheap 
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variation of representation sliding into variation of 
the objective.

Self-determination  theory  supplies  the  account  of 
agency: learning that is autonomously motivated, in 
which  the  learner  experiences  competence, 
autonomy  and  relatedness,  is  more  durable  and 
transferable than learning that is controlled. Fan et al. 
(2026),  synthesising  forty-six  primary  studies  of 
generative AI use through that lens, concluded that 
outcomes depended less on how often students used 
AI than on whether they retained cognitive agency 
and regulated when and why they delegated, and that 
controlling  or  weakly  structured  environments 
promoted  dependent  offloading.  The  theory's 
emphasis on relatedness also warns against support 
that isolates: a student whose every need is met by a 
private tool has gained autonomy from peers and lost 
the relationships through which belonging is built.

The  last  is  the  social  model  of  disability,  which 
locates disability in the mismatch between a person 
and an environment rather than in the person, and on 
which generative AI is simply another feature of the 
environment  that  can  lower  or  raise  barriers 
depending on how it is deployed. The model is often 
read as uniformly hopeful about technology, but it 
carries  a  warning  that  matters  here.  If  the 
environment  is  changed  by  giving  the  disabled 
student  a  tool  while  leaving  the  classroom,  the 
curriculum and the assessment untouched, the barrier 
has been privatised rather than removed; the student 
now carries the adjustment as a possession that may 
be withdrawn, may fail, and may be seen by others as 
an advantage rather than an entitlement. Nor is the 
tool  neutral  about  disability:  Urbina  et  al.  (2025) 
found  that  ChatGPT  and  Gemini  both  described 
people with disabilities with fewer favourable and 
more limiting qualities than non-disabled people, and 
Hadar Souval et al. (2025) caught the doubleness in 
their image of generative AI as at once a social mirror 
of what society thinks about cognitive disability and a 
cognitive copilot for the people it describes so poorly.

2.3 EMPIRICAL REVIEW

The empirical literature falls into three uneven piles. 
The largest concerns generative AI and learning in 
general,  and its  central  finding is that  unrestricted 
access tends to raise performance on the supported 
task  and  lower,  or  leave  unchanged,  performance 
when support is removed. Bastani et al. (2025), in a 
field  experiment  with  nearly  a  thousand  Turkish 
secondary-school  students,  found  that  a  standard 
ChatGPT interface improved practice performance 
substantially  but  lowered  subsequent  unassisted 

examination  scores  by  about  seventeen  per  cent, 
whereas an interface with tutoring guardrails raised 
practice performance without the later cost. Stadler et 
al. (2024) found that students using a language model 
for scientific inquiry experienced less mental effort 
but reasoned more shallowly. Chen (2026) found the 
same  divergence  in  an  eight-week  writing  study: 
open AI collaboration produced the best supported 
essays, while a bounded condition with compulsory 
reflection  produced  better  independent  writing, 
higher-order  thinking  and  argument  depth 
afterwards. Fan and Chang (2026), randomising over 
seven hundred undergraduates to different divisions 
of labour between student and AI in report writing, 
found that arrangements in which the student judged 
AI-produced text outperformed those in which the AI 
judged the student's  text,  and,  more tellingly,  that 
students  with  a  high  tendency  to  offload  re-
outsourced the evaluation they had been assigned. 
Their summary, that prescribing a division of labour 
governs the assignment but not the cognition, is a 
sentence every accommodation policy should have 
pinned above it.  Choudhary et  al.  (2026) added a 
mechanism:  perceived  sycophancy  in  AI  tutors 
predicted  metacognitive  laziness,  which  predicted 
dependence,  which  predicted  lower  autonomy. 
Against  this,  Xia  et  al.  (2025)  found  in  a  meta-
analysis  of  seventeen  studies  that  ChatGPT-based 
learning  improved  behavioural,  cognitive  and 
emotional engagement relative to learning without it; 
it would be a misreading of the dependence literature 
to conclude that the tools do harm as such, since the 
consistent message is that design and framing decide 
the effect.

The second pile concerns students with disabilities, 
and it is thinner and more optimistic. Gharaibeh and 
Basulayyim (2025) reported in a quasi-experiment 
with  sixty  Arabic-speaking  children  with  dyslexia 
that  ChatGPT-based  reading  instruction  improved 
sentence  comprehension  relative  to  controls. 
Alkhateeb (2026), following over five hundred adults 
with dyslexia across two waves, found that anxiety 
predicted declines in metacognitive regulation and in 
adaptive reliance on AI,  while gains in regulation 
predicted more adaptive reliance; the capacity to use 
AI well is itself unevenly distributed, and trainable. 
Elshaer  et  al.  (2025)  found  among  385  visually 
impaired  university  students  that  trust  in  large 
language  models  predicted  use,  which  improved 
quality of life, with academic success affected only 
indirectly. Flütsch Keravec et al. (2026) asked, in an 
intervention study, whether composing by speech-to-
text  changes  writing  acquisition  for  students  with 
dyslexia, which is precisely the question of whether a 
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tool that bypasses transcription supports or supplants 
the  target  skill.  For  deaf  and  hard-of-hearing 
students,  Alkahtani  (2024)  synthesised  twenty 
studies and found that automatic speech recognition, 
AI-enabled  captioning  and  related  tools  increased 
classroom participation by removing barriers, while 
Jolly  et  al.  (2024)  showed from the  narratives  of 
fifteen deaf  college students  that  many eventually 
gained effective access through real-time captioning 
but could initially struggle to overcome barriers to 
using the service. Seung and Basham (2026) framed 
the question for  students  with learning disabilities 
directly as one of cognitive offloading, asking what 
the general  findings mean for  a population whose 
disabilities  often  lie  in  the  very  processes  being 
offloaded. On the teacher side, Rakap and Balikci 
(2026) found in a small randomised study that special 
educators using ChatGPT wrote better individualised 
education  plan  goals;  van  Garderen  et  al.  (2025) 
showed how generative AI can produce scaffolded 
resources for students with disabilities; and Zraydi et 
al.  (2026)  found  among  244  general  and  special 
education teachers in the United Arab Emirates that 
AI-related  technological  pedagogical  content 
knowledge was related to intentions to use AI for 
students with learning disabilities, with only one of 
its components predicting those intentions. Morgan 
(2026) argued from UK equality law that regulated 
use  of  a  language  model  may  be  a  reasonable 
adjustment  for  a  neurodivergent  student  when the 
barrier  lies  in  written  expression  rather  than 
reasoning, which requires universities to distinguish 
the competence a course assesses from the method by 
which it assesses it.

The third pile concerns African education systems, 
where the generative-AI literature almost disappears 
and  what  remains  is  a  literature  on  inclusive 
education under constraint; the AI evidence that does 
exist comes from universities and from outside the 
continent,  and  its  application  to  schools  is  an 
extrapolation  the  paper  makes  openly.  Motitswe 
(2025)  found  South  African  school-based  support 
teams  reporting  inadequate  training,  overcrowded 
classrooms, weak policy guidance and a persistent 
medical model of disability; Malahlela and Johnson 
(2024)  found  teachers  who  understood  inclusion 
policy in theory but had little confidence applying it; 
Kuyini (2026), surveying 448 principals and teachers 
in sixty Ghanaian primary schools, found principals 
holding  only  low  to  moderate  expectations  that 
teachers  would  practise  inclusively  at  all.  On  AI, 
Sharma and Ha (2025) found ChatGPT adoption high 
among  students  in  both  the  United  States  and 
Bangladesh,  predicted  by  social  persuasion, 

perceived  usefulness  and  country  rather  than 
individual  characteristics,  and  suggested  the  tools 
may matter more for learning in the Global South; 
Sevhake  and  Hofisi  (2026)  examined  through 
document analysis how South African and Kenyan 
universities are  weighing efficiency against  equity 
and student autonomy. Nothing in the peer-reviewed 
literature  to  2026  reports  a  controlled  study  of 
generative AI with disabled learners in an African 
school.  That  absence  is  itself  a  finding,  and  the 
framework treats it as one.

3. MATERIALS AND METHODS

This  is  a  theoretical  paper  and  its  method  is 
conceptual  synthesis:  the  construction  of  a 
framework from existing theory and evidence,  the 
derivation of propositions from that framework, and 
the  examination  of  those  propositions  against  the 
empirical  literature.  No  human  participants  were 
involved,  no  primary  data  were  collected  and  no 
ethics approval was required. The only dataset is the 
reference list, which is openly available with digital 
object identifiers.

The literature was assembled in October 2026 and 
restricted by design to peer-reviewed journal articles 
published between January 2023 and October 2026, 
the period in which generative AI has been available 
to  students  and  teachers.  Preprints,  conference 
proceedings,  book  chapters  and  reports  were 
excluded; the Convention on the Rights of Persons 
with Disabilities is referred to as a legal instrument, 
not  as  evidence.  The Crossref  bibliographic  index 
and  PubMed  were  queried  with  combinations  of 
terms for  generative AI (generative AI,  ChatGPT, 
large language model), disability (disability, special 
educational needs, neurodivergent, dyslexia, autism, 
visual  impairment,  deaf),  inclusion  (inclusive 
education,  universal  design  for  learning, 
accommodation,  reasonable  adjustment),  agency 
(learner  agency,  self-regulated  learning,  cognitive 
offloading,  metacognitive)  and  region  (Africa, 
Nigeria,  Ghana,  Kenya,  South  Africa,  Tanzania); 
abstracts  were  retrieved  through  publisher  pages, 
PubMed and Semantic Scholar. Approximately 240 
records were screened on title, about 90 were read at 
abstract level, and 40 are cited.

Inclusion required original research, a systematic or 
scoping review, or developed theory bearing on at 
least one of the three functions, in a journal article 
with  a  Crossref  record  inside  the  date  window; 
articles  were  excluded  if  they  concerned  AI  in 
education without  bearing on disability,  inclusion, 
learner agency or the policy and teacher-competence 
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conditions under which the tools are used, if their 
venue could not  be  confirmed as  a  peer-reviewed 
journal, or if they duplicated a stronger study. Every 
cited  article  was  verified  against  its  Crossref 
publisher record for type, authors, title, journal, year, 
volume, issue and pagination, and each record was 
checked for retraction, correction or expression-of-
concern  notices.  One  cited  article  (Bastani  et  al., 
2025) carries a  published correction that  does not 
affect  the result  relied on here;  no cited article  is 
retracted or under concern. Where a journal's print 
issue year differs from the online year, the issue year 
is used.

The  analysis  proceeded  in  three  steps.  The  three 
functions  (personalisation,  accommodation, 
substitution)  were  first  defined  by  reference  to 
inclusive pedagogy, UDL, self-determination theory, 
the social model of disability and the accommodation 
logic of educational measurement, and tested against 
examples  from the  empirical  literature  for  mutual 
exclusivity  relative  to  a  given  learning  objective, 
since  the  same  action  can  fall  under  different 
functions when the objective changes. Propositions 
were then derived by asking, for each construct, what 
conditions in the classroom and in the system would 
make it more or less likely to dominate, and what it 
implies for the roles of teacher, special educator and 

peer. Each proposition was finally examined against 
the  empirical  literature  to  identify  where  it  is 
supported, where the evidence is thin and where it is 
contradicted (Section 4.2). The basis of judgement 
throughout is explicit: a use of AI counts as inclusive 
if  it  increases  the  student's  participation  in  the 
common  curriculum  alongside  peers  without 
reducing their independent capacity to do what the 
curriculum sets out to teach.

An  AI  writing  assistant  was  used  during  the 
preparation of this manuscript to support literature 
retrieval, drafting and formatting, under the direction 
of the author, who selected the sources, verified every 
reference against its publisher record, determined the 
argument and takes full responsibility for the content. 
No AI system was used to generate or analyse data.

4. RESULTS AND DISCUSSION

4.1 RESULTS

The framework rests on a single distinction, set out in 
Table 1, between three things a generative-AI system 
can do for a disabled learner. The distinction is not a 
taxonomy of tools. The same chat interface can do all 
three in the same session, and the same action can fall 
under  different  headings  depending  on  what  the 
student is supposed to be learning.

Table. 1. The three functions of generative AI for a disabled learner

Function What the system does Relation to the 
learning objective

Inclusive-education 
reading

Illustrative evidence

Personalisation Varies the 
representation, pace, 
examples or language of 
content for a particular 
learner

Objective held constant; 
the route to it varies

Advances inclusion 
when it is available to 
all and does not vary the 
objective; re-segregates 
when it quietly lowers 
the objective for some

Bray et al. (2024); van 
Garderen et al. (2025); 
Gharaibeh & 
Basulayyim (2025)

Accommodation Removes a barrier that 
is irrelevant to the 
objective (reads text 
aloud, transcribes 
speech, captions, 
reorganises, reminds)

Objective untouched; a 
construct-irrelevant 
barrier is removed

Advances inclusion; this 
is what reasonable 
adjustment has always 
meant

Alkahtani (2024); Jolly 
et al. (2024); Morgan 
(2026); Flütsch Keravec 
et al. (2026) (open 
question: 
accommodation or 
substitution for the skill 
being taught)

Substitution Performs the task, or the 
part of it, that the 
objective is meant to 
develop

Objective bypassed; the 
construct-relevant work 
is done by the system

Undermines inclusion 
by producing presence 
and output without 
participation or learning

Bastani et al. (2025); 
Fan et al. (2025); Chen 
(2026); Seung & 
Basham (2026)

Two features of Table 1 do the work. The boundary 
between  accommodation  and  substitution  runs 
through the learning objective, not the tool: a system 
that drafts a paragraph is an accommodation for a 
student with a motor impairment in a history class 
and substitution in a composition class, and nothing 
about the software tells the student which situation 
they are in. And personalisation sits on both sides of 

the line: it advances inclusion when it varies the route 
to  a  common  objective  and  is  available  to  every 
learner, and re-segregates when it varies the objective 
for  some,  more  quietly  than  the  old  practice  of 
different  worksheets  because  the  re-levelled  text 
looks like the original.
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From that distinction nine propositions follow (Table 
2).

Table. 2. Propositions of the personalisation–accommodation–substitution framework

No. Proposition Mechanism Principal supporting 
literature

P1 AI personalisation advances 
inclusion when it varies 
representation, pace and means 
of expression while holding the 
learning objective constant; 
when it varies the objective it 
reproduces segregation in a 
less visible form

Inclusive pedagogy's 
distinction between extending 
what is ordinarily available and 
providing something different; 
UDL's multiple means

Bray et al. (2024); Hyatt & 
Owenz (2026); McCree et al. 
(2026)

P2 The same AI action is an 
accommodation in one task and 
a substitution in another; the 
classification requires an 
explicit statement of which 
skill is the target of the task 
and which is an access skill

Accommodation logic of 
measurement: construct-
relevant versus construct-
irrelevant barriers

Morgan (2026); Fan & Chang 
(2026)

P3 Substitution risk is higher for 
students with disabilities than 
for other students, because the 
barrier and the target skill are 
more often entangled and 
because the effort the tool 
removes is larger

Entanglement of impairment 
and target skill (dyslexia and 
writing; executive-function 
difficulty and planning); larger 
effort differential

Seung & Basham (2026); 
Alkhateeb (2026); Flütsch 
Keravec et al. (2026) (open 
question)

P4 The teacher's role shifts from 
delivering content to 
specifying objectives and 
adjudicating the 
accommodation–substitution 
boundary; the special 
educator's role shifts from 
producing adapted material to 
designing, monitoring and 
fading AI-supported 
accommodation

Objective specification 
becomes the scarce input once 
material production is cheap

Marino et al. (2023); Rakap & 
Balikci (2026); van Garderen 
et al. (2025); Zraydi et al. 
(2026)

P5 AI accommodation that 
privatises support reduces the 
learner's dependence on peers 
and, with it, the interactions 
through which belonging is 
built; inclusion is relational, so 
presence without participation 
is possible

Self-determination theory's 
relatedness need; participation-
based definition of inclusion

Fan et al. (2026); Jolly et al. 
(2024)

P6 Where specialist support, 
assistive devices and accessible 
buildings are scarce, AI 
accommodation will be 
adopted as the cheaper 
substitute for them, and the risk 
of system-level substitution is 
greatest where support is 
scarcest

Cost asymmetry between a 
subscription and a specialist 
teacher; policy pressure to 
show inclusion cheaply

Maphie (2025); 
Chirowamhangu (2024); 
Motitswe (2025); Sharma & 
Ha (2025)

P7 Learner agency is preserved 
when the learner controls the 
level of assistance, understands 
what the tool has done, and the 
assistance is faded on a plan; it 
is eroded when assistance is 
permanent, opaque and effort-
minimising

Cognitive offloading; 
supported versus independent 
performance; sycophancy–
dependence pathway

Darvishi et al. (2024); Fan et 
al. (2025); Stadler et al. (2024); 
Bastani et al. (2025); Chen 
(2026); Fan & Chang (2026); 
Choudhary et al. (2026)

P8 Assessment policy that bans AI 
without an accommodation 
pathway re-excludes disabled 

Construct validity; reasonable-
adjustment law; integrity 
regimes written before, or in 

Morgan (2026); Kasneci et al. 
(2023); Bastani et al. (2025)
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students; policy that permits AI 
without objective specification 
empties accommodation of 
meaning; only a declared-use 
regime tied to stated objectives 
preserves both inclusion and 
validity

hasty response to, generative 
AI

P9 In African education systems, 
and in schools above all, the 
inclusion dividend of 
generative AI is conditional on 
devices, connectivity, 
electricity, teacher AI literacy 
and language coverage, and the 
students most in need are those 
least likely to meet the 
conditions

Infrastructure and language as 
prior constraints on any AI-
mediated accommodation 
(extrapolated from higher-
education and non-African 
adoption studies)

Sharma & Ha (2025); Sevhake 
& Hofisi (2026); Kuyini 
(2026); Ng et al. (2023)

P1 to P3 classify what the tool is doing; P4 and P5 
describe what the classification does to the people in 
the room; P6 lifts the logic to the school system; P7 
and P8 state the conditions under which agency and 
validity survive; P9 states the conditions under which 
any of it reaches an African classroom.

4.2 DISCUSSION

The first thing to say about the propositions is which 
of them the evidence supports and which it merely 
permits.  P7  is  the  best  supported:  Darvishi  et  al. 
(2024),  Fan  et  al.  (2025),  Stadler  et  al.  (2024), 
Bastani  et  al.  (2025),  Chen  (2026)  and  Fan  and 
Chang (2026) are, between them, a consistent body 
of experimental evidence that unstructured assistance 
raises  supported  performance  while  lowering,  or 
failing  to  improve,  independent  performance  and 
depth  of  reasoning,  and  that  structure  (guardrails, 
compulsory reflection, a division of labour that keeps 
evaluation with the student)  narrows the gap,  and 
Choudhary  et  al.  (2026)  supply  a  cross-sectional 
pathway by which an agreeable tutor is associated 
with dependence. None of them reports students with 
disabilities  as  a  distinct  group.  P3 is  therefore  an 
inference, not a finding: it rests on the entanglement 
argument and on indirect evidence, from Alkhateeb 
(2026) that adaptive reliance is unevenly distributed 
among people with dyslexia and from the question 
Flütsch Keravec et al. (2026) put to speech-to-text. 
Seung  and  Basham  (2026)  pose  the  question  for 
learning disabilities  without  yet  answering it.  The 
framework predicts that if the general experiments 
were replicated with disabled students the divergence 
would be larger, and that the tutoring guardrails that 
closed the gap in Bastani et al. (2025) would need 
redesigning  so  that  the  guardrail  does  not  itself 
become a barrier. That is the most urgent testable 
prediction.

P1  is  permitted  by  the  evidence  rather  than 
established by it. Bray et al. (2024) found technology 
in  UDL  implementations  used  mostly  to  vary 
representation, with a clear gap on engagement and 
on action and expression; Hyatt and Owenz (2026) 
report that students in classes with a high proportion 
of disability chose evenly among UDL options for 
demonstrating learning in an AI-based assignment, 
and McCree et al. (2026) give special educators a 
framework  for  planning  AI-supported  instruction 
under  UDL.  What  none  of  them measures  is  the 
quantity P1 turns on, which is whether the objective 
stayed fixed while the representation varied. A re-
levelled text that preserves the ideas a unit is meant to 
teach and one that removes them look alike on the 
screen,  and  no  study  in  the  review  distinguished 
them; until one does, P1 is a warning drawn from 
inclusive  pedagogy's  own  history  rather  than  a 
finding about the tools.

P2 is where the framework departs most from current 
practice. Accommodation decisions in most systems 
are made per student, recorded in a plan and applied 
across subjects. This cannot work for generative AI, 
because the classification of an AI use depends on the 
objective  of  the  particular  task,  which  varies  by 
subject, by unit and sometimes by lesson. Morgan 
(2026)  reached  the  same  point  from  the  law:  a 
language model can only be classed as a reasonable 
adjustment once the institution has distinguished the 
competence  standard  it  assesses  from the  method 
used to assess it, which is a statement about the task, 
not  the  student.  Fan and Chang (2026) found the 
other half of the problem: even when the division of 
labour is prescribed, students with a high tendency to 
offload re-outsource the part they were assigned. A 
rule  at  the  level  of  the  plan  is  not  enough;  the 
objective has to be stated at the level of the task, and 
the student has to understand it,  which brings the 
argument to P4.
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P4  asks  more  of  teachers  than  it  might  appear. 
Producing  adapted  material  was  for  decades  the 
visible  work  of  the  special  educator;  the  early 
literature anticipated that AI would change that work 
(Marino et al., 2023), and later studies show the tools 
taking it on, from individualised education plan goals 
(Rakap & Balikci, 2026) to scaffolded instructional 
resources (van Garderen et al., 2025). The framework 
draws  the  opposite  conclusion  about  the  special 
educator's future: the scarce skill is now the ability to 
say  what  a  task  is  for,  which  barriers  to  it  are 
irrelevant and which are the point, and how much 
assistance a student should have this week and how 
much  less  next.  Zraydi  et  al.  (2026)  found  that 
teachers'  intentions  to  use  AI  with  students  with 
learning disabilities were related to their AI-specific 
technological  pedagogical  content  knowledge,  and 
that only one component of that knowledge predicted 
them.  Teacher-education  systems  that  respond  to 
generative AI by teaching prompt-writing will have 
trained for the wrong scarcity.

P5 is the proposition the technology literature finds 
hardest to see, because it is not about learning. Self-
determination  theory  puts  relatedness  beside 
competence  and  autonomy  as  a  need,  and  the 
synthesis by Fan et al. (2026) found that controlling 
or  weakly  structured  environments  may  promote 
dependent  cognitive  offloading  and  over-reliance; 
the framework reads that finding socially as well as 
cognitively. A tool that lets a deaf student follow a 
lecture through captions, or a student with dyslexia 
read a text without a peer reading it aloud, removes a 
dependence that was often humiliating, and that is a 
gain  for  dignity.  The  same  tool  removes  an 
interaction. Jolly et al. (2024) found that many deaf 
students  eventually  experienced  effective 
communication access through real-time captioning 
but could initially struggle to overcome barriers to 
using it, and that the stories they told fell into four 
types, among them stories of resignation and stories 
of personal connection. A classroom in which every 
disabled  student's  support  is  a  private  device  has 
achieved presence and lost something it does not yet 
know how to measure.

P6  is  a  prediction  about  policy  rather  than 
classrooms, and the paper's Africa framing rests on it. 
The  inclusive-education  literature  from  Tanzania, 
South  Africa  and  Ghana  (Maphie,  2025; 
Chirowamhangu, 2024; Motitswe, 2025; Malahlela 
&  Johnson,  2024;  Kuyini,  2026)  describes  one 
configuration:  policy  commitments  to  inclusion, 
placement of disabled learners in mainstream classes, 
and support that is thin because specialist teachers, 

devices, accessible buildings and small classes cost 
money  the  systems  do  not  have.  Into  that 
configuration  generative  AI  arrives  as  the  first 
support that is cheaper than the problem; a ministry 
that  cannot  hire  specialist  teachers  can  license  a 
chatbot.  The  framework  predicts  that  AI 
accommodation will be adopted in such systems as a 
substitute  for  human  support  and  physical 
accessibility, that the substitution will be presented 
as  inclusion,  and  that  the  consequences  for 
participation (P5) and independent capacity (P7) will 
be invisible in the outcome measures the systems use. 
The evidence is, at present, only the absence of any 
African study and Sharma and Ha's (2025) finding 
that country, social persuasion, perceived usefulness 
and  perceived  ease  of  use,  rather  than  individual 
characteristics, predict adoption.

P8 restates the integrity problem from the disabled 
student's side. Kasneci et al. (2023) saw early that 
teachers would find it  increasingly difficult to tell 
machine-generated text from student work, and that 
some institutions were already responding with bans; 
what  they did not  foresee was that  integrity rules 
written in response would collide with disability law. 
A blanket prohibition on AI in assessed work is, for a 
student whose reasonable adjustment is an AI reader 
or  scribe,  a  prohibition  on  the  adjustment,  and if 
Morgan's (2026) reading of UK equality law is right, 
a  rule  that  forbids  such  an  adjustment  without 
distinguishing  the  competence  assessed  from  the 
method would be hard to  defend where disability 
rights  are  enforceable.  Permitting  AI  generally 
dissolves  the  distinction  between  accommodation 
and  substitution  and with  it  any  reason to  record 
adjustments at all; Bastani et al. (2025) showed what 
unrestricted permission costs when the assessment is 
later taken without the tool. The framework's answer, 
a declared-use regime in which the objective of each 
assessed task is stated, the student declares which AI 
functions  were  used,  and  the  use  is  adjudicated 
against the stated objective, is more demanding than 
either extreme. It is also the only policy consistent 
with both inclusion and validity,  and examination 
bodies in African systems, which run some of the 
most prohibition-based integrity regimes anywhere, 
will have to confront it soon.

P9 is a reminder that none of this reaches a classroom 
without  a  device,  a  connection,  electricity  and  a 
language the model handles well. Ng et al. (2023) set 
out the AI competencies teachers need and noted how 
few existing frameworks specify them; Sevhake and 
Hofisi  (2026)  found  South  African  and  Kenyan 
universities weighing efficiency against equity with 
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the infrastructure to do so unevenly distributed. The 
language  point  deserves  more  weight  than  the 
literature gives it. Generative models perform best in 
the languages on which they were trained most, and a 
student taught in Hausa, Yoruba, Igbo or Kiswahili 
will  find the accommodation functions of the tool 
markedly  weaker  than  a  student  in  an  English-
medium  school.  The  inclusion  dividend  will 
therefore go first to the urban, the English-medium 
and  the  connected,  a  distribution  the  inclusive-
education movement will recognise, because it is the 
one it has been fighting.

Where the evidence contradicts the framework it is 
worth  saying  so.  The  meta-analytic  finding  that 
ChatGPT-based learning improves engagement (Xia 
et  al.,  2025)  sits  uneasily  with  a  framework  that 
warns of substitution: a tool that makes a disabled 
student want to try is not nothing. The reconciliation 
offered here is that engagement with the supported 
task  and competence  on  the  independent  task  are 
different outcomes, that Chen (2026) and Bastani et 
al. (2025) measured both and found them diverging, 
and that inclusive education should want both. The 
positive  results  for  dyslexia  (Gharaibeh  & 
Basulayyim,  2025)  and  for  visually  impaired 
students  (Elshaer  et  al.,  2025)  show  that  the 
accommodation and personalisation functions work; 
they say nothing yet about independent capacity over 
time, which is where the framework places the risk.

5. CONCLUSION AND RECOMMENDATION

Generative  AI  gives  inclusive  education  what  it 
asked for and then asks it a question it has not had to 
answer before: what, precisely, is the task? A reader, 
a scribe and extra time never forced that question 
because they could not do the task. A language model 
can, so every accommodation decision now contains 
an  implicit  statement  about  what  the  student  is 
supposed to be learning, whether or not anyone has 
written it down. The framework makes that statement 
explicit.  Personalisation  that  varies  the  route  to  a 
common  objective,  and  accommodation  that 
removes  an  irrelevant  barrier,  advance  inclusion; 
substitution  that  performs  the  construct-relevant 
work undermines it; and which of the three a given 
use amounts to is a fact about the objective, not the 
tool.

Several  recommendations  follow.  Ministries  of 
education  and  curriculum agencies  should  require 
that each unit of a national curriculum state, for its 
principal tasks, which skills are the target and which 
are access skills; without that statement no teacher 
can classify an AI use and no examination body can 

adjudicate one. Examination councils, including the 
regional  and  national  bodies  of  African  systems, 
should replace blanket prohibitions on AI in assessed 
work with declared-use regimes tied to stated task 
objectives, and publish the accommodation pathway 
for students whose reasonable adjustment is an AI 
function before the first legal challenge rather than 
after it. Teacher-education institutions should move 
the preparation of general and special educators away 
from  tool  operation  and  towards  objective 
specification, the design and fading of AI-supported 
accommodation, and the monitoring of independent 
alongside  supported  performance.  School  leaders 
should treat generative AI as a complement to, never 
a budget line replacing, specialist teachers, assistive 
devices and accessible buildings, and should review 
the social participation of AI-supported students and 
not  only  their  outputs.  Disabled  people's 
organisations and parents' groups should be party to 
each of these decisions and should press the language 
question  in  particular,  since  an  AI-in-education 
policy  that  ignores  the  tools'  performance  in  the 
languages of instruction is a policy for the English-
medium minority. Researchers should replicate the 
experiments  on  supported  versus  independent 
performance  with  disabled  students  as  a  distinct 
group,  measure  participation  and  belonging 
alongside learning, and run those studies in African 
schools, where the propositions of this paper will be 
tested by policy whether or not they are tested by 
research.

6. CONTRIBUTION TO EXISTING 
KNOWLEDGE

The  paper's  first  contribution  is  conceptual.  The 
literatures  on  generative  AI  in  education  and  on 
inclusive education have proceeded without a shared 
vocabulary for deciding when AI assistance includes 
a disabled learner and when it merely produces an 
output  for  them.  The  personalisation–
accommodation–substitution  distinction  supplies 
one,  and  the  claim  that  the  boundary  between 
accommodation  and  substitution  is  drawn  by  the 
learning  objective  rather  than  the  tool  moves  a 
question  both  literatures  have  been  asking  in  the 
wrong  place;  it  also  explains  why  per-student 
adjustment  plans  cannot  classify  AI  uses  on their 
own.

The second contribution is a set of nine propositions 
specific enough to be tested and, in several cases, to 
be  wrong.  The  predictions  that  the  divergence 
between  supported  and  independent  performance 
will be larger for disabled students than for others, 
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that  AI  accommodation  will  be  adopted  in  low-
resource systems as a substitute for human support 
rather than a complement to it, and that privatised AI 
support reduces the peer interaction through which 
belonging is built are each falsifiable with designs 
that already exist in the general literature. The paper 
says where the current evidence supports, permits or 
contradicts each proposition, and treats the largest 
gap,  the  absence  of  any  controlled  study  of 
generative AI with disabled learners in an African 
school, as a finding in its own right.

The third contribution is to policy in school systems 
where specialist  support is scarcest.  By lifting the 
accommodation–substitution  distinction  from  the 
classroom to the system, the paper gives ministries, 
examination  bodies  and  teacher-education 
institutions  a  way  to  recognise  system-level 
substitution when it is presented as inclusion, and a 
set  of  requirements  against  which  national  AI-in-
education policies can be judged. It offers inclusive-
education  practice  in  Africa  a  framework  that  is 
realistic about its constraints without conceding that 
cheapness is the same thing as inclusion.
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